Background: Suicide is the second leading cause of death among adolescents in the USA, and rates are rising. Methods to identify individuals at risk are essential for implementing prevention strategies, and the development of a biomarker can potentially improve prediction of suicidal behaviors. Prediction of our previously reported SKA2 biomarker for suicide and PTSD is substantially improved by questionnaires assessing perceived stress or anxiety and is therefore reliant on psychological assessment. However, such stress-related states may also leave a biosignature that could equally improve suicide prediction. In genome-wide DNA methylation data, we observed significant overlap between waking cortisol-associated and suicide-associated DNA methylation in blood and the brain, respectively. Results: Using a custom bioinformatic brain to blood discovery algorithm, we derived a DNA methylation biosignature that interacts with SKA2 methylation to improve the prediction of suicidal ideation in our existing suicide prediction model across both blood and saliva data sets. This biosignature was independently validated in the Grady Trauma Project cohort and interacted with HPA axis metrics in the same cohort. The biosignature showed a relationship with immune status by its correlation with myeloid-derived cell proportions in all data sets and with IL-6 measures in a prospective postpartum depression cohort. Three probes showed significant correlations with the biosignature: cg08469255 (DDR1), cg22029879 (ARHGEF10), and cg24437859 (SHP1), of which SHP1 methylation correlated with immune measures. Conclusions: We conclude that this biosignature interacts with SKA2 methylation to improve suicide prediction and may represent a biological state of immune and HPA axis modulation that mediates suicidal behavior.
Background
Suicide accounts for 1.4 % of worldwide deaths annually, posing a serious public health issue [1] . Based on 2014 data, it is the second leading cause of death among adolescents, and the tenth leading cause of death for all ages in the USA [2] . Given the rising rates of suicide in the USA, methods to identify individuals at risk for implementing prevention strategies are urgently needed [3] .
Recently, our laboratory identified a DNA methylation mark that is associated with suicide in a postmortem brain tissue cohort at a CpG (cg13989295) located within a single nucleotide polymorphism (SNP), rs7208505, in the spindle-and kinetochore-associated protein 2 (SKA2) where the reference allele of rs7208505 eliminates the CpG. The observed epigenetic association with suicide was replicated in two additional brain tissue cohorts and with suicidal behaviors including suicidal ideation (SI) and attempt (SA) in peripheral blood in three living cohorts [4] . In our original work, gene expression of SKA2 was correlated with DNA methylation at this position and was significantly decreased in suicide decedents. Several recent independent studies have observed decreased expression of SKA2 in both the blood of violent suicide completers [5] and in the prefrontal cortex of suicide victims [4, 6] , the latter of which was also associated with decreased protein levels.
The SKA2 protein is thought to interact with the hypothalamic-pituitary-adrenal (HPA) axis by chaperoning the glucocorticoid receptor (GR) from the cytoplasm to the nucleus upon cortisol binding [7] . Once in the nucleus, the GR can interact with genomic DNA and influence gene expression involved in negative feedback regulation of the HPA axis response. In two independent cohorts with high levels of childhood trauma, elevated SKA2 DNA methylation in peripheral blood before administration of the TRIER social stress test was significantly associated with a blunted post-test cortisol level, while SKA2 DNA methylation before the dexamethasone suppression test (DST) was significantly associated with elevated post-test cortisol levels [8, 9] . These data support the interpretation that SKA2 DNA methylation state may be an important contributor to individual stress response.
In an attempt to identify at-risk individuals, we previously generated a suicide prediction model, which describes suicidal behavior as a function of both genotype and methylation at the single nucleotide polymorphism (SNP) rs7208505 in SKA2 which interacts with a state level metric of stress or trait level metric of anxiety to confer risk [4] . Notably, some studies demonstrate that state level stress can be influenced by trait level anxiety [10] . Model predictive accuracies vary between~70 and 85 % in various cohorts and are consistent with SKA2 gene expression-based prediction accuracies reported by other groups [8, 11] . The statistical interaction with stress is likely related to the physiological role SKA2 plays in mediating HPA axis activity. In this context, it is hypothesized that epigenetic variation of SKA2 may represent an underlying trait vulnerability of the HPA axis that must interact with a state of stress to elicit risk. In our previous work, we have identified significant interactions of SKA2 with various self-reported psychological scales to influence suicide risk. The scales vary by study cohort and include the Child Trauma Questionnaire (CTQ), the Perceived Stress Scale, waking salivary cortisol levels, and various metrics of anxiety including self-reported binary estimates and those quantified by the Self-Report for Childhood Anxiety Related Disorders (SCARED) [4, 8, 9] . Furthermore, our work and others have noted an increased model efficacy in subgroups of individuals having experienced childhood trauma [8, 9, 12, 13] . It is possible that high values in the stress metrics represent a biological state that may be related to HPA axis function. Despite the possibility to assess these states using questionnaires, the use of self-reported scales has many drawbacks including a lack of standardization across studies, variability in psychometric properties, and variability in the subjective rating of stress levels. In the clinical context, the administration of questionnaires requires time and patient compliance.
Recent attempts have been made to circumvent the use of psychological assessments and develop biomarker proxies [11, 14] . A challenge for the identification of peripheral tissue-based epigenetic biomarkers in the context of psychiatry is the generalizability of the identified peripheral epigenetic variation in the brain. We have hypothesized previously that circulating steroid hormones such as cortisol may mark peripheral tissue DNA on the epigenetic level while affecting behavior through central nervous system (CNS) specific actions [15] [16] [17] . In support of this hypothesis, the initial objective of this study was to evaluate if cortisol-associated DNA methylation levels in peripheral tissues (blood and saliva) are enriched among suicide-associated DNA methylation levels in the brain.
While systemic factors like cortisol may influence epigenetic patterns across-tissues and may represent relevant biomarkers interacting with SKA2, we did not wish to limit our analysis to cortisol-associated probes alone. Thus, the second major objective of this study was to generate an epigenetic biosignature of SKA2-interacting state markers in a bioinformatically driven and unbiased manner and to understand the underlying biological context driving any identified biosignatures.
Results
Overrepresentation of peripheral cortisol-associated loci among brain-associated suicide genes To address our first objective, we attempted to address the degree to which peripheral blood-or saliva-based DNA methylation profiles are indicative of epigenetic profiles in the brain related to suicidal behaviors. One potential substrate for peripheral tissue-brain overlap is a cross-tissue reprogramming by the systemic influence of hormones. For Genetics of Recurrent Early-Onset Depression (GenRED) Offspring, we identified 20,146 and 22,865 probes that were nominally associated with the area under the curve (AUC) of waking weekday cortisol in blood and saliva samples, respectively (Additional files 1 and 2). To increase statistical power, we performed a combined analysis of blood and saliva samples using a linear model with age, sex, tissue type (blood or saliva), and cell type proportion as covariates and identified 22,425 loci associated with the AUC of waking weekday cortisol (Additional file 3). A pathway enrichment analysis of the genes significantly associated (P < 0.001) with the AUC of weekday waking cortisol in GenRED Offspring blood and saliva using the tool g:Profiler revealed an enrichment of neural development pathways at varying levels of significance (Table 1) [18, 19] . Given the importance of dysregulated cortisol biology to suicidal behaviors, cortisol-associated methylation probes in peripheral blood (N = 18) and saliva (N = 20) from the GenRED Offspring cohorts were assessed for an overrepresentation with those probes significantly associated with completed suicide separately in postmortem prefrontal cortical neurons and non-neurons (N = 45). Cortisol-associated probes within genes or gene regulatory sites were significantly overrepresented among prefrontal neuron suicide-associated genes and genes previously identified as associated with cortisol stress reactivity ( Table 2 ) [20] . These findings indicate that there may be common pathways between cortisol biology and suicidal behavior and that the epigenetic marks of suicide-associated hormonal changes may be detectable in peripheral tissues.
Algorithmic identification of SKA2-interacting biosignature for DNA methylation-based suicidal behavior prediction
In light of the above findings, our strategy to approach our second objective of generating a biosignature of SKA2-interacting state markers was to identify epigenetic variation interacting with SKA2 that was consistent across brain and peripheral tissues. The full algorithm is explained in Additional file 4: Figure S1 . Briefly, DNA methylation in prefrontal cortex neurons at each probe was assessed for statistical interaction with rs7208505 CpG methylation (chr17:59110368, hg38) in a linear model controlling for age, sex, and rs7208505 genotype and identified 669 probes below a P value cutoff of 0.005 (Fig. 1a , Additional file 4: Result S1). Of these 669 probes, 72 exhibited an AUC prediction for SA in the top 25th percentile (AUC > 0.825) in the GenRED Offspring blood cohort ( Fig. 1b; Table 3 ). The methylation at these 72 probes was used to train a principal component analysis (PCA) model on the GenRED Offspring blood data, which was then used to predict PCA models in the other data sets. The first eigenvector was used to assess suicidal behavior prediction in the original prediction model, replacing the stress measure with the PCA first eigenvector. All steps were evaluated by the Monte Carlo method and found to be statistically significant (P < 0.001, Additional file 4: Result S1). This approach predicted SI in PPD cohort blood with an AUC of 0.88 (95 % CI 0.75-1; P = 0.041) and in GenRED Offspring saliva with an AUC of 0.81 (95 % CI 0.59-1; P = 0.011) ( Fig. 1c ; Table 4 ). These high-prediction AUCs provide evidence that the PCA first eigenvector may represent a methylation SKA2 "interaction biosignature" that is predictive of suicidal behavior in the existing suicide prediction model and replaces the need for a stress questionnaire. Gene ontology analysis of genes significantly associated with weekday AUC cortisol measured in GenRED Offspring blood and saliva samples using the tool g:Profiler
Independent validation of SKA2 model interaction biosignature performance
The interaction biosignature model was validated using methylation array data from the Grady Trauma Project (GTP), a sample of urban minorities with low socioeconomic status and high rates of traumatic experience and PTSD. On the entire sample, the prediction model generated an AUC of 0.50 (95 % CI 0.42-0.58; P = 0.724) for prediction of SI in all 376 individuals. Based on recent publications that have provided evidence that both PTSD and substance abuse may confound SKA2 methylation [9, 21] , we selected a subset of the GTP sample with no history of PTSD or drug use (N = 115; 6 cases, 109 controls), where a combination of SKA2 and the interaction biosignature predicted SI with an AUC of 0.73 (95 % CI 0.59-0.87; P = 0.050) ( Fig. 1d ; Table 4 ) [12] . Although our interaction biosignature model was unsuccessful in suicidal behavior prediction across the entire GTP cohort, prediction was successful in a subset without PTSD. This altered suicidal behavior prediction with PTSD is consistent with previously published findings [9] .
Association of interaction biosignature metrics with HPA axis function
To improve our understanding of the biological relevance of the interaction biosignature, we assessed biosignature loci for a relationship with various metrics of HPA axis function in two cohorts with high levels of childhood trauma as assessed by the CTQ. The interaction biosignature eigenvector interacted with CTQ scores to associate with post-test AUC cortisol levels following the administration of the TRIER social stress test (biosignature β = 3446.9 ± 1631.2, P = 0.038; CTQ β = −40.6 ± 12.9, P = 0.002; interaction β = −92.8 ± 45.0, P = 0.043, F = 4.5, df = 4/81, model P = 0.038) (Additional file 4: Figure S2A ). In the GTP sample subset, the interaction biosignature eigenvector interacted with CTQ scores to associate with the natural log of the day 2 cortisol following administration of the DST (biosignature β = −6.4 ± 2.8, P = 0.027; CTQ β = 0.096 ± 0.037, P = 0.012; interaction β = 0.22 ± 0.095, P = 0.027, F = 2.4, df = 4/49, model P = 0.027) (Additional file 4: Figure S2B ). Taken together, the data suggest that SKA2 interaction biosignature values associate with early life trauma status to influence HPA axis sensitivity.
Assessment of biological relevance of SKA2 model interaction biosignature
We reasoned that the biological underpinnings of our SKA2 interaction biosignature may be related to variation in peripheral immune cells, as inflammation may be influenced by state factors like stress. The predicted proportion of granulocyte and monocyte content (myeloid-derived cells) showed a negative association with the interaction biosignature across all data sets ( Fig. 2a-d) , with significant correlations in GenRED Offspring blood (rho = −0.76, P = 2.7 × 10 −4 ), PPD cohort blood (rho = −0.29, P = 0.034), and GTP blood (rho = −0.57, P = 2.4 × 10 −7 ) and a non-significant association in GenRED Offspring saliva (rho = −0.39, P = 0.092). Substituting the proportion of myeloid-derived cells for the interaction Overrepresentation analysis of genes significantly associated with AUC weekday cortisol measures in GenRED Offspring blood and saliva samples, genes significantly associated with suicide in postmortem prefrontal cortex neurons, and genes associated with AUC cortisol in blood from Houtepen et al. [20] biosignature in the prediction model yielded comparable predictions of SI (Additional file 4: Figure S3 ; Table 4 ) in GenRED Offspring saliva (AUC = 0.79; 95 % CI 0.56-1; P = 0.28), PPD cohort blood, (AUC = 0.83; 95 % CI 0.61-1; P = 0.003), and GTP subset (AUC = 0.73; 95 % CI 0.55-0.9; P = 0.99). The PPD cohort (trimester >1) showed a non-significant correlation between peripheral blood interleukin-6 (IL-6) levels and the predicted myeloid-derived cell proportion ( Fig. 3a ; rho = −0.32, P = 0.054); however, there was no correlation between IL-6 and the interaction biosignature (rho = 0.05, P = 0.80). Increased granulocyte and monocyte counts along with altered IL-6 levels may indicate increased inflammation and imply that our interaction biosignature could be an indicator of an immune state involved in suicide etiology [22] . The PPD cohort also showed a significant correlation between perceived stress and the interaction biosignature ( Fig. 3b ; rho = 0.33, P = 0.019), suggesting that the interaction biosignature may represent a biological state of both stress and inflammation.
Identification of probes driving the SKA2 model interaction biosignature
Each of the 72 probes comprising the interaction biosignature was tested for correlation to the first eigenvector of the PCA model across each data set to identify subsets of probes that may be driving a majority of the variation. Three probes exhibited significant correlations (P < 0.05) consistent across all cohorts (Additional file 4: Table S3 ): cg08469255 (DDR1), cg22029879 (ARHGEF10), and cg24437859 (SHP1). Microarray-derived DNA methylation values were validated by pyrosequencing in select loci (Additional file 4: Figure S4 ). Methylation at cg24437859 used in place of the interaction biosignature predicted SI in GenRED Offspring saliva with an AUC of 0.77 (95 % CI 0.54-1; P = 0.20) and in PPD cohort blood with an AUC of 0.84 (95 % CI 0.63-1; P = 0.001). Probe cg24437859 is located within the promoter of SHP1, which has known immune system functions, providing a plausible biological explanation for the statistical interaction with Prediction model results for all cohorts using either the interaction biosignature or the myeloid-derived proportion as the interaction term. P values are derived from Monte Carlo permutation SKA2 identified in our data. This relationship was investigated further in the PPD cohort, where plasma cytokine levels were available. CpG methylation at cg24437859 correlated with IL-6 levels (rho = −0.37, P = 0.035; Fig. 3c ) and the predicted myeloid-derived cell proportions (rho = 0.74, P = 1.4 × 10 −8 ; Fig. 3d ) in PPD cohort blood collected during the second or third trimester.
Discussion
In this study, we used brain, saliva, and whole-blood DNA methylation data of several cohorts to derive a biosignature of a stress state that may aid in the prediction of suicide. Using a statistically oriented approach that analyzed cross-tissue epigenetic reprogramming by cortisol and interaction with the previous reported SKA2 suicide biomarker, we generated an epigenetic biosignature. To assess the effects of cortisol on DNA methylation patterns, we performed a pathway enrichment analysis of genes with methylation significantly associated with AUC weekday cortisol in the GenRED Offspring samples, which revealed an enrichment of neural developmental pathways. This data is consistent with the notion that there are a number of genes that regulate both cortisol and neural development. Early life stress, for example, is known to affect both brain development and HPA axis function later in life. Several recent studies in mice reported impaired neurogenesis and cognition with early life stress [23] , as well as altered CpG methylation in NR3C1, the gene encoding the glucocorticoid receptor [24] . Similar adverse effects have been observed in humans with exposure to early life stress [25, 26] . This link was further bolstered by an overrepresentation analysis that showed an enrichment of AUC weekday cortisol-associated genes in GenRED Offspring blood and saliva with suicide-associated genes in prefrontal neurons as well as previously identified genes associated with cortisol stress reactivity in blood [20] , indicating that there are consistent cross-tissue DNA methylation changes with cortisol dysregulation and a behavioral outcome such as suicide. Our results are consistent with a model whereby suicide-associated HPA axis dysregulation causes an overproduction of circulating cortisol, which causes DNA methylation changes in various tissues, resulting in behavioral changes through the actions of DNA methylation in the brain, while leaving measurable marks in the periphery that enable the biomarkerbased prediction of suicidal ideation and behaviors.
We present a biosignature that is representative of probes with a significant interaction with both SKA2 genotype and methylation in prefrontal neurons and is predictive of suicidal ideation in three cohorts. Using this biosignature in interaction with SKA2 can replace the stress questionnaire metrics used as interactive covariates in our original suicide prediction model. We used Monte Carlo-based testing for significance by generating a similar PCA eigenvector from randomly selected sets of 72 probes. Randomly selected probes yielded predictions inferior to that of the biosignature in almost all bootstraps, suggesting that improved model prediction accuracy is not due to the underlying data structure. The biosignature performance did not reach significance by this method in saliva, possibly due to the confounding influence of buccal-derived cell types influencing the variation generated at biosignature loci. This interaction biosignature showed correlation with percent granulocyte and monocyte (both myeloid lineage-derived cells) content in all peripheral tissue data sets, suggesting a possible immune modulation associated with the methylation at these 72 probes. Both the interaction biosignature and myeloid-derived cell levels also correlated with serum interleukin-6 (IL-6) in the PPD cohort, further suggesting that a pro-inflammatory immune modulation is interacting with SKA2 methylation to mediate suicidal behavior. Consistent with our findings, increased pro-inflammatory cytokines, including IL-6, have been observed in the CSF of suicide attempters [27] and in the prefrontal cortex of teenage suicide victims [28, 29] . Additionally, PTSD is known to show increased levels of C-reactive protein and IL-6, which are both signs of increased inflammation [30] [31] [32] [33] [34] [35] . Biological changes, such as inflammation and immune system modulation, are known to be associated with suicide and related mood disorders. For example, lymphocytes are known to play a role in HPA axis dysfunction and have been used to assess many different psychiatric disorders, including depression and suicide [36, 37] . Suicidal behavior is known to be associated with an inflammatory state which, if measured, may improve the prediction of such behavior. Substituting the percentage of myeloid-derived cells for the interaction biosignature in the prediction model was successful in predicting suicidal ideation in all of the cohorts, suggesting that this interaction biosignature may be indicative of a biological state that interacts with the trait of SKA2 genotype and methylation to influence behavior.
In further efforts to reduce these 72 probes to a smaller number that would help us better understand the biology and facilitate practical implementation, we assessed the genes displaying epigenetic variation most closely mimicking the PCA first eigenvector. We discovered that there were three probes within the 72-probe interaction biosignature with significant correlations to the interaction biosignature in all cohorts: cg22029879, cg08469255, and cg24437859. ARHGEF10 (rho guanine nucleotide exchange factor 10; cg22029879) was identified as one of the 21 genes located on chromosome 8p, a region that is thought to contribute to neuropsychiatric disorders, including depression [38] . Although little evidence exists tying ARHGEF10 to suicide etiology, this locus may be worthy of further investigation due to its consistent association with the interaction biosignature across all data sets. DDR1 (discoidin domain receptor tyrosine kinase 1; cg08469255) is primarily involved in cell adhesion and extracellular matrix remodeling but also has known roles in immune and inflammatory pathways. DDR1 was shown in a cell culture model to induce the expression of cyclooxygenase (COX2), which is involved in the synthesis of prostaglandins and has a known role in inflammation [39] . COX2 also activates the NF-κB pathway, which is involved in inflammatory pathways and cytokine production [39] and has been shown as a downstream target of DDR1 to cause infiltrating macrophages to produce chemokines. Additionally, DDR1 was also shown in a mouse model of kidney obstruction to mediate the development of inflammation and fibrosis following kidney injury [40] . Given this evidence, DDR1 methylation could account for the correlation of myeloid-derived cell content with the interaction biosignature and could also represent a target for further investigation.
SHP1 (protein tyrosine phosphatase, non-receptor type 6; cg24437859) has been implicated in modulating neutrophil recruitment to inflamed tissues through modulation of the phosphoinositol pathway [41, 42] and has been shown to play an inhibitory role in cytokine-induced activation of the HPA axis through the JAK-STAT pathway [43] . Furthermore, SHP1 methylation correlated with IL-6 in the PPD cohort as well as the myeloid-derived cell proportion in all cohorts, altogether demonstrating biological evidence for the statistical interaction with HPA axis relevant SKA2 identified in our data. Critically, IL-6 contributes to hematopoietic stem cell fate decisions and helps to differentiate myeloid from non-myeloid cells [42, 44] . As such, the possibility remains that epigenetic variation in genes like SHP1 may be important not only for differentiation of hematopoietic stem cells into myeloid cells but for regulation of pro-inflammatory cytokines and may moderate the influence of pro-inflammatory cytokines on HPA axis activity. This supposition is supported by data demonstrating that SKA2 interaction biosignature data interacted with CTQ scores to predict HPA axis responsivity in two stress challenges from multiple data sets. The relationship between the interaction biosignature signals and HPA axis sensitivity is very similar to previously reported findings related to the influence of SKA2 DNA methylation on HPA axis activity from the same cohorts [8, 9] .
In our independent validation in the GTP cohort (N = 376), we observed that our interaction biosignature model was only able to predict suicidal ideation in a smaller subset of drug-naïve individuals without a PTSD diagnosis (N = 115) but was unsuccessful predicting in the full GTP sample. Several recent papers on the usefulness of SKA2 in predicting PTSD have observed a confounding effect of marijuana use on SKA2 methylation, which potentially inhibits the accurate prediction of suicidal behaviors [8, 9] . Kaminsky et al. observed a significant interaction between substance abuse and SKA2 methylation in predicting suicidal behavior in several cohorts, and Boks et al. observed altered SKA2 methylation with smoking, alcohol consumption, and use of medications [8, 9] . Based on these findings, it is reasonable to assume that without taking into account substance abuse, using SKA2 methylation to predict suicidal behaviors could produce inaccurate results. Along with substance abuse, trauma exposure has recently been shown to influence SKA2 methylation [8, 9, 12] . Boks et al. showed that development of PTSD symptoms was associated with longitudinal decreases in SKA2 methylation after military deployment, which is the opposite of the positive association between SKA2 methylation and suicide risk [4, 8] . Furthermore, Sadeh et al. observed a positive association between genotype-adjusted SKA2 methylation and PTSD symptom severity in one military cohort, while this PTSD association was not replicated in a second military cohort [13] , adding to the complexity that is the interaction between SKA2 methylation, PTSD, and suicidal behavior [12] . One biological explanation for this interaction is altered HPA axis function in PTSD, as shown by increased clearance of dexamethasone in the DST [45] . Kaminsky et al. recently observed decreased day 2 cortisol in the DST in subjects diagnosed with PTSD but not suicidal behavior, indicating increased HPA axis sensitivity [9] . In another study, van Zuiden et al. observed a longitudinal increase in sensitivity to dexamethasone in T cells collected from a Dutch military cohort pre-and post-deployment [46] . Another biological explanation for the SKA2 methylation-PTSD relationship is that PTSD is associated with increased inflammation, which has been observed in many studies showing increased levels of C-reactive protein and IL-6 in the blood of both military and non-military cohorts [30] [31] [32] [33] [34] [35] . The relationship between SKA2 methylation and PTSD should be studied further to better understand the impact on suicidal behaviors.
This study has many limitations. Sodium bisulfite modification cannot distinguish between 5-methyl cytosine (5-MC) and 5-hydroxy methyl cytosine (5-HMC) levels. Like 5-MC, 5-HMC can vary in the brain in response to stress [47, 48] and has been identified in various psychiatric disorders [49, 50] . Brain tissue analyses have the potential to be confounded by postmortem factors such as the method and timing of tissue preservation. Psychiatric diseases can often be co-morbid with other illnesses such as cancer and heart disease, among others [51, 52] . Despite the implication that inflammatory factors may be interacting with SKA2, we did not assess for the health status of the study subjects and any potential impact this might have on our results. This study is limited by using small samples that are not representative of the general population and are biased towards controls due to a low ratio of cases to controls and only validated findings in a single independent sample in which suicidal behavior is only predicted in small subsets. Ideally, these findings would be further validated in a large sample that is more representative of the general population to prove its usefulness in prediction of suicidal behavior.
Conclusions
We present a biosignature that predicts suicide consistently across multiple, highly variable data sets, specifically youth at high risk for depression, pregnant women at high risk for PPD, and middle-aged urban population with high incidence of trauma and PTSD. This biosignature is cross-tissue in that it predicts suicidal behavior in both blood and saliva samples and is based on probes that are associated with suicide in prefrontal neurons. To our knowledge, this is the first prediction model to date that works in both blood and saliva and the first suicide prediction model to use only DNA methylation to predict suicidal behavior. Additionally, correlations of the interaction biosignature with myeloid proportion and stress metrics may indicate a fuller integration of suicide etiology into the existing SKA2 suicide prediction model. Finally, this biosignature allows us to predict suicidal behavior without using a stress questionnaire or assessment. Although the biosignature produces lower prediction AUCs than the stress questionnaires, it represents a single measure that allows us to predict suicidal behavior across all data sets, providing consistency and better allowing for comparison across populations. Ultimately, this work will add to the development of early diagnostics tests that may aid in the early identification and prevention of suicide.
Methods

Human samples
Peripheral blood and saliva samples were obtained from separate individuals in the GenRED Offspring cohort from Johns Hopkins [4, [53] [54] [55] [56] . Postmortem prefrontal cortex neurons (cases, N = 22; controls, N = 23) were obtained as previously described [4] , data available at NCBI Gene Expression Omnibus (GEO) accession GSE41826. Peripheral blood samples (cases, N = 8; controls, N = 43) were obtained from consenting individuals in a Johns Hopkins prospective cohort of pregnant women (PPD cohort), as previously described [57] , data available from GEO accession GSE44132. Data from individuals in the Grady Trauma Project (cases, N = 63; controls, N = 313) were downloaded from the NCBI GEO accession GSE72680 [53] [54] [55] [56] . Data on TRIER social stress test cohort (N = 85) was downloaded from GEO accession GSE77445 [20] . All cohorts used in model generation and validation are described in detail in Additional file 4: Table S1 .
DNA methylation analysis
Study data was derived from genome-wide DNA methylation data using the Infinium HumanMethylation450 BeadChip Array (Illumina Inc., San Diego, CA). DNA methylation profiles for GenRED Offspring cohort blood (cases, N = 4; controls, N = 14) and saliva (cases, N = 5; controls, N = 15), respectively, were generated as described below.
Infinium chip assay
Bisulfite-converted DNA was analyzed using Illumina's Infinium HM450 BeadChip Kit (WG-314-1001) by following the manufacturer's protocol. The BeadChip contains 485,577 CpG loci in human genome. Briefly, 4 μl of bisulfite-converted DNA was added to a 0.8-ml 96-well storage plate (Thermo Scientific), denatured in 0.014 N sodium hydroxide, neutralized, and amplified with kitprovided reagents and buffer at 37°C for 20-24 h. Samples were fragmented using kit-provided reagents and buffer at 37°C for 1 h and precipitated by adding 2-propanol. Re--suspended samples were denatured in a 96-well plate heat block at 95°C for 20 min. Twelve microliters of each sample was loaded onto a 12-sample chip, and the chips were assembled into a hybridization chamber as instructed in the manual. After incubation at 48°C for 16-20 h, the chips were briefly washed and then assembled and placed in a fluid flow-through station for primer-extension and staining procedures. Polymer-coated chips were image processed in the Illumina's iScan scanner.
Data acquisition
Data were extracted using Methylation Module of GenomeStudio v1.0 Software and processed using the "minfi" and "wateRmelon" packages in R [58, 59] . Raw data was trimmed of probes failing quality assessment, followed by scale-based data correction for Illumina type I relative to type II probes. Methylated and un-methylated intensity values were then quantile normalized separately prior to the calculation of the β (beta) value based on the following definition:
β value = (signal intensity of methylation-detection probe)/(signal intensity of methylation − detection probe + signal intensity of non-methylation-detection probe + 100).
Sodium bisulfite pyrosequencing
Microarray data was validated at select probes in the GenRED Offspring saliva cohort to corroborate array data (Additional file 4: Figure S4 ). Bisulfite conversion was carried out using EZ DNA Methylation-Gold Kit (Zymo Research, Irvine, CA) according to the manufacturer's instructions on N = 51 subjects from the Johns Hopkins Prospective cohort. Nested PCR amplifications were performed with a standard PCR protocol in 25 μl volume reactions containing 3-4 μl of sodium bisulfitetreated DNA, 0.2 μM primers, and master mix containing Taq DNA polymerase (Sigma-Aldrich, St. Louis, MO). Primer sequences can be found in Additional file 4: Table S2 . PCR amplicons were processed for pyrosequencing analysis according to the manufacturer's standard protocol using a PyroMark Q96 MD system (QIAGEN, Germantown, MD) with Pyro Q-CpG 1.0.9 software (QIAGEN) for CpG methylation quantification. Only data passing internal quality checks for sodium bisulfite conversion efficiency, signal-to-noise ratio, and the observed versus expected match of the predicted pyrogram peak profile using reference peaks were incorporated in subsequent analyses. Data generated derive from one technical replicate.
Blood analysis in PPD cohort
Participant blood was collected at each visit in four 10-ml EDTA tubes. Blood samples were non-fasting, and collection times were arranged at the convenience of the participant. All occurred during the working day (9:00 am to 5:00 pm). Cytokine levels have a recognized circadian rhythm but are lowest during the daytime; we were unable to control further for time of day in our analyses [60] . Samples were immediately centrifuged at 4°C for 30 min. The plasma was then aliquoted in 2-mL microcentrifuge tubes, snap frozen on dry ice, and immediately stored in a −80°C freezer. Cytokines were analyzed using BD Cytometric Bead Array. Plasma samples from patients were diluted 1:10 and incubated with capture beads coated with antibodies specific for IL-6. The beads were then incubated with a phycoerythrin-conjugated detection reagent containing antibodies specific to each capture bead. The capture bead + analyte + detection reagent complexes produced an individual fluorescent signal for each cytokine and were acquired on a FACSCalibur instrument. The data were analyzed using FCAP Array software. The limit of detection for IL-6 was 1.6 pg/mL. Proportions of our samples that fell below the limit of detection were as follows: IL-6, 18.9 %. Samples that fell below the limit of detection were coded "0." All samples were run in duplicate, and the coefficient of variation between samples was <10 %. Analyses were repeated using the lowest detectable dose for those below the limit of detection, and results did not change.
Statistical analysis
All statistical tests were performed in R (https://www.rproject.org/). Cross-reactive Illumina probes were removed from data prior to further analysis [61] . Using an Anderson-Darling test from the "nortest" package [62] , all distributions of data that rejected the null hypothesis of normality were subsequently evaluated with nonparametric tests. Variance between case and control groups in each sample was assumed to be equal. All statistical tests performed were two tailed, and a P < 0.05 was considered significant. All statistics presented are a result of either a linear regression model or a Monte Carlo method permutation test (1000 permutations). Unless otherwise specified, ± denotes the standard deviation of the mean. Cell sub-fraction percentages were quantified for CD8 T cells, CD4 T cells, B cells, NK cells, monocytes, and granulocytes using an algorithm designed by Houseman et al. for the quantification of the cell types using DNA methylation proxies [63] . A buccal cell epigenetic profile was derived by taking the mean of N = 109 buccal-derived HM450 microarray profiles from a data set in GEO accession GSE25892. Incorporation of the buccal-derived profile at N = 500 HM450 loci into the Houseman algorithm generated training set, and incorporation of a buccal covariate was used to retrain the Houseman algorithm to quantify buccal profiles. 
